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However, one to many mapping is more reasonable
and desirable. e.g., “a blue bird with white head”
can be the description of all birds with a blue body
and a white head.
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Most existing zero-shot learning methods consider
the problem as a visual semantic embedding one,
conducting a one-to-one deterministic projection
from semantic space to visual space, or vice versa.
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Table 1: Top-1 accuracy (%) on CUB and NAB datasets with two split settings.
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Figure 1: our proposed new scheme for zero-shot learning .

Contributions

To encourage the generator to generate
features of each class that statistically
match real features of that class.
• Zero-Shot Retrieval

We leverage GANs to imagine unseen categories
from text descriptions. Zero-shot learning is
naturally converted to a traditional classification
problem.
We design a visual pivot regularizer to simulate the
visual distribution with greater inter-class
discrimination.

Table 2: Effects of different components on zeroshot classification accuracy (%) on CUB and NAB
datasets with SCS split setting.

Figure 2: t-SNE visualization of features from randomly selected unseen classes.
Our proposed method provides the intra-class diversity while preserving inter-class
discrimination.
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